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O X— P ERERIRES s REFRIRES ', INSEFBHEE (State Transition
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AJ L,Lzzudj N7t (S, P), HP:
A (BIR) £58
:P ZE’U(IL:\E'%*g%EBEI Pogr = P(St+1 — S,|St =5)




01 EE) AR

O EBHEP=1AZR, Home, Late, Work, FapS/Re]kik

o= o

£XT (Home, Late, Work) BYIASEEFZ B4 /9 :

iXBIRE|

®

Z]
O-O 001 Oo!) i |

Po=1| 00 00 1.0
095 0.0 0.05

ELIRE|



2051 EE)a

=l

O BRI =1IAZT, Home, Late, Work, tapk=/RA]RHE

P

VVYVVVY

‘
5 o= o

O ¥R/ Home HYSS/RA] KR53 -

Home, Late, Work, Home, ...

Home, Late, Work, Work, ... %I/%:
Home, Work, Work, Home, ... th

Home, Work, Work, Work, ...
Home, Work, Home, Late, ...
Home, Work, Home, Work, ...

ELIRE|



02 LI/RakigkEhidiE (Markov Reward Process)

03 SREAXRE

/Re]K13%E (Markov Process)

353 A MRERD IR A KIRE

G1dfE (Markov Decision Process)

51 3F2 (Partially observable M




5/RajXEmdi=
O SY/RAIRRIIFERES/RA RS B0y “ME (3RE) -~

EX

— N\GRa]KIERiZFE (Markov Reward Process, MRP) BJLIZRRA
NMUYTA (S, P, R, y), HP:
S ENSH (BIR) &8
P RINSEEFZIELE, Py = P(Sp41 = 5'IS; = 5)
R BENREL, Rs = E[Ry411S; = s]
y &=+, v €[0,1]

O sINFHIEFRR AN ES —EAHEE, BII(ITERER
TPRRIRIG—ERE), FrlAB( IR BRI AR+ T — 24
> A 1Ry BEREKERRTHERR, i 0 /Y y EEEEHARED

|

A




01 EE) AR

O BENF="AZ:, Home, Late, Work, #apkSh/RAJK:E
O B EN AR B /RA KRNI TE
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Ge = Ripq T VRipp + .= z Vth+k+1
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ySp

G;=5+05%x(-3)+05%%x(-1)+053x5=5-1.5 —0.25 + 0.625 = 3.875
AR SERIER Y (R8RS J9 Home) :
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=1%x0.1%x1x0.95=0.095
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O SRS n Y, ERSKBIITREEREN 0(®), BEILRER
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> wSHKI (Dynamic Programming)
> SFRIE1¥E (Monte-Carlo Evaluation)
> BFREDZES (Temporal-Difference Learning)
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n(s) = ExlGe IS¢ = s]
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ELETERES EI’J MDP B, EMEIMBEEREEL (Action Value Function) ¢,.(s,a)
RTINS s 3 5‘6?% TOUE a, AEIRIEREE © {Ta0ATHIEAZE R :

n(s,a) = ExlG, |Se = 5, A = a]



/RSHAEEFFTE (Bellman Expectation Equation)

O X PIRSIMERZL, BLAIT R
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v,(s) = max v.(S)
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=AM EMMBEREL (Optimal Action Value Function) q.(s, a) EXJFER
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SHEURER

O ATLLUEIRT q.(s, ) BURAEREEERIRES:

ac A

(als) 1 if a = argmax q.(s, a)
0 otherwise
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&={lt73%E (Bellman Optimality Equation)

Vi (8) < s
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Vi(S) = max g«(s, a)
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*x\S = R3
g«(s, a) RS—I—WZPj‘S,max g«(s’,a’)
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Vi(s) = Zvr(a | ) (R(S, a) + ’yz P(s | s, a) Vﬁ(s’)) ,

acA s’eS

V¥(s) = max (R(s, a) + ’}/Z P(s | s, a)\/"‘(s’)) ,

seSs

Qr(s,3) = R(s,a) +v) P |sa) Y (d' | §)Qx(s,4),

s’eS a’ceA

Q*(s,3) = R(s,a) +7 ) P(s' | s,a) max Q'(, ).
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> EE (Value Iteration)

> FBRER (Policy Iteration)

> Q=3 (Q-Learning)
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+ R EXRMRZL, Ra = E[R¢411Se = 5,4 = d]

«  Z EWEIRRZY, =P(0t11 = 0| Sty =5", 4 = a)
-y =T iEF, )/E [0 1]
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